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SIMREL-M: A SIMULATION TOOL FOR MULTI-RESPONSE LINEAR MODEL DATA
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Fig1: Multilevel fractional Simulation Design created using
simrel (size corresponds to gamma — multicollinearity factor)

model - PCR —e- PLSR

n: 20 n: 20 n: 50 n: 50

gamma: 0.1 gamma: 0.9 gamma: 0.3 gamma: 0.6

1.4 -
1.2 -
1.0"%___0
0.8-
0.6 -
n 04-

s n: 100 n: 100 n: 200 n: 200
E gamma: 0.3 gamma: 0.6 gamma: 0.1 gamma: 0.9

1.4 -

1.2-

1.0 -

0.8-

0.6 -

0. 4

.6 0. 8 0. 2 4 : 0. 8 0 2 4 : 0. 8 0. 2 4

of a relevant subspace and relevant predictors. Chemometrics and Intelligent Laboratory Systems, 146, 128-135.
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Fig2: Comparing PLS and PCR model on the basis of test
prediction error for different combination of parameters
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Fig2: Comparing Variable selection methods (shaving vs
truncation) on the basis of test prediction error for different
combination of parameters
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